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CDMS Limits (70% cc)
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WIMP Mass [GeV]

*Because we see
more multiple-scatter
events than
expected, limits are
50% better than
expected sensitivity

*So far Bayesian
method done only
without energy info;
results are similar to
F-C.

See
http://dmtools.berkeley.edu/

limitplots/ for interactive
dark matter limit plotting

FNAL CL2K Workshop

Richard Schnee/28 March 2000



Compatibility with DAMA Regions
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*Bottom of DAMA
Nal/1-4 36 (~99%)
region excluded at
71% CL
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Expected Confidence Levels

What does expected mean?

*Mean

Has normally been used by us.

*Median

No dependence on metric

Careful: Both are used here!

Median Likelihood

Expected limits:

98 100 102 104 106

CL, .3GeV below CL, My (Gevie)
LR: 1GeV below CL, .



Probability of Exclusion

Define exclusion as CLs<0.05

Probability of false exclusion
should be 5% - but is less

Significant overcoverage

False exclusion
rate 1s always 5%
of the true
exclusion rate

Probability of false exclusion
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